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TODAY’S PUBLIC PROBLEMS REQUIRES INNOVATION IN 
HOW WE MAKE DECISIONS

Opportunities



DATAFICATION 

Datafication as the Driver of AI 

DATAFICATION

Volume

Velocity Variety

Veracity

DIGITAL TWIN ARTIFICIAL 
INTELLIGENCE



VARIETY OF DATA

Variety of Data 

STRUCTURED SEMI-STRUCTURED UNSTRUCTURED

Fixed Fields
Relational Database  
Spreadsheets

Tagged/metadata
XML or HTML tagged 
text

No Fixed Fields
Various formats, sizes 
and  structures

Sales data, Birthdates,  
Zip codes

Email, RSS feeds Texts, Audio, Pictures,  
Social Media



Non-traditional data (NTD) refers to 
data that is:

● Digitally captured, mediated or 
observed;

● Using new instrumentation 
mechanisms;

● Often privately held, and; 
● Can be re-used for purposes 

unrelated to its initial collection.

Definition of non-traditional data derived from https://www.gdi.manchester.ac.uk/research/publications/di/dd-wp92

Example from Oxford University and the Internet Archive: 
https://web.archive.org/web/20201109160135/https://oxford-covid-19.com/   

Example: Oxford Covid-19 Impact Monitor

‘NON-TRADITIONAL’ DATA

NTD

The Oxford COVID-19 Impact Monitor used mobile phone 
data to understand, predict and control the course of 

Covid-19.

https://www.gdi.manchester.ac.uk/research/publications/di/dd-wp92/
https://web.archive.org/web/20201109160135/https://oxford-covid-19.com/


● Data resulting from consumption, commercial and financial 
transactions;

● Data resulting from communicating and engaging in social 
interactions - for pleasure, study and/or work;

● Data resulting from having people and products moving around;

● Data resulting from media and entertainment consumption;

● Data emerging from producing products and goods;

● Data emerging from managing infrastructures and natural assets.

NON-TRADITIONAL DATA

Types of NTD



THE NEED FOR COLLABORATION

The Case for Collaboration

DEMAND ASYMMETRY SUPPLY

RE-USE

Volume

Velocity Variety

Veracity
MIS-USE



DATA COLLABORATIVES: 
MATCHING DEMAND & SUPPLY

Data Collaboratives

https://datacollaboratives.org/
https://datacollaboratives.org/


DATA COLLABORATIVES: 
OPERATIONAL MODELS

Data Collaboratives

● Public Interfaces

● Data Pooling

● Prizes and Challenges

● Trusted Intermediary

● Intelligence Generation

● Research and Analysis 
Partnerships

https://thegovlab.org/static/files/publications/data-collab-report_Oct2019.pdf


PUBLIC 
INTERFACES

Towards Solutions: Data Collaboratives

A single data holder provides 
access to certain types of 
pre-processed and/or data-driven 
tools for public use.

Data Holders: One data holder
Data Users: Many data users 

Main Types: 
● Application Programming 

Interfaces (APIs)
● Data Platforms

API: Google Earth Outreach

https://www.google.com/earth/outreach/


Towards Solutions: Data Collaboratives

DATA 
POOLING 

Data holders pool datasets as a 
collection designed to be 
accessible by multiple parties.

Data Holders: Some data holders
Data Users: Some data users

Main Types: 
● Public Data Pools
● Private Data Pools

Private Data Pool: California Data Collaborative

https://www.californiadatacollaborative.org/


Towards Solutions: Data Collaboratives

PRIZES & 
CHALLENGES

Data holders make data available 
to participants who compete to 
solve problems or pioneer 
innovative uses of data for the 
public interest.

Data Holders: One or more
Data Users: Many data users 

Main Types: 
● Open Innovation Challenges
● Selective Innovation Challenges

Selective Innovation Challenges: 
Türk Telekom’s Data 4 Refugees Challenge

https://datacollaboratives.org/cases/turk-telekom-data-for-refugees-d4r-challenge.html
https://datacollaboratives.org/cases/turk-telekom-data-for-refugees-d4r-challenge.html


Towards Solutions: Data Collaboratives

TRUSTED 
INTERMEDIARIES 

Third-party actor mediates 
collaboration between (private 
sector) data providers and data 
users from the public sector, civil 
society, or academia.

Data Holders: One or more
Data Users: One or more 

Main Types: 
● Data Brokerage
● Third-Party AnalyticsData Brokerage: The POPGRID Data Collaborative

https://www.popgrid.org/


Data Collaboratives

INTELLIGENCE 
GENERATION 

No data is shared with external 
parties, instead the results of 
analysis within the data holder’s 
organization are shared with 
external actors. 

Data Holders: One data holder
Data Users: No external data users

Intelligence Generation: BBVA Urban Discovery

https://www.bbva.com/en/innovation/bbva-uses-big-data-restructure-maps-madrid-barcelona-mexico-city/


Data Collaboratives

RESEARCH & ANALYSIS 
PARTNERSHIPS 

A pairing between (private sector) 
data providers and data analysts 
or data users from the public 
sector, civil society or academia.

Data Holders: One or more
Data Users: One or more 

Main Types: 
● Data Transfer
● Data Fellowship

Data Transfer: UN FAO’s Building Communities 
Resilient to Climatic Extremes

https://www.gsma.com/betterfuture/resources/building-communities-resilient-to-climate-extremes
https://www.gsma.com/betterfuture/resources/building-communities-resilient-to-climate-extremes


Lack of Awareness & Data Literacy

There often exists a lack of awareness and 
appreciation regarding the potential of data 
sharing.

Absence of Trust

The field of data sharing is characterized by a 
pervasive absence of trust. There may be 
value in a data sharing framework to address.

Uncertainty and Unclear Incentives

Organizations, particularly in the private 
sector, can have concerns that data reuse 
won’t advance goals but will instead lead to 
risks (e.g. data leaks, reputational loss)

CHALLENGES FACING DATA COLLABORATIVES

Limited Capacity

Organizations can lack technical knowledge, 
financial resources, or simply the awareness 
needed to participate in a collaborative.

Transaction Costs

Preparing data, de-risking data, preparing 
legal agreements, and establishing 
governance structures all take resources.

Limited Community of Practice

Successful initiatives need a community of 
practice that can provide an established 
knowledge base (e.g. case studies, lessons 
learned).



HOW TO BE MORE 
SYSTEMATIC 
SUSTAINABLE, AND 
RESPONSIBLE

Challenges



Pathways Toward Systematic, 
Sustainable and Responsible

Data Collaboration



1. STRENGTHEN DEMAND 

the100questions.org bit.ly/ODPLProbTool



DEVELOP A NEW SCIENCE OF QUESTIONS

https://the100questions.org/



DEVELOP A NEW SCIENCE OF QUESTIONS

https://the100questions.org/



TAXONOMY OF QUESTIONS

BACKWARD 
LOOKING

SITUATION ANALYSIS

DESCRIPTIVE
WHAT HAPPENED?

CAUSE AND EFFECT

DIAGNOSTIC
WHY DID IT HAPPEN?

FORWARD 
LOOKING

FORECASTING

PREDICTIVE
WHAT WILL HAPPEN?

EXPERIMENTATION (WHAT IF?)

PRESCRIPTIVE
WHAT SHOULD HAPPEN?

Demand



DESCRIPTIVE

The Case for Collaboration

Nowcasting 
Population Density  

https://www.researchgate.net/figure/Nowcast-scores-as-on-February-18-2021-for-different-cities-in-the-study-region-for-a_fig4_353011333


Poor But Healthy Visualization
https://goodcitylife.org/food/

DISRUPTIVE DESCRIPTION

The Great Decoupling, HBR
https://bit.ly/3ibN5Jn



Neighborhoods Matter, Opportunity Insights
https://opportunityinsights.org/neighborhoods/

DIAGNOSTIC

The Causal Effect of Heat on Violence: Social Implications of 
Unmitigated Heat Among the Incarcerated

https://www.nber.org/papers/w28987



Fighting poverty with data, Science
https://bit.ly/36FfORG

PREDICTIVE

Predicting future pandemics with data
https://www.cambridge.org/core/journals/data-and-policy



The Policy Impacts Library
https://bit.ly/36IFUD2 

PRESCRIPTIVE

What Works Center
https://whatworksgrowth.org/



2.STEWARD THE SUPPLY

https://datastewards.net/



INVEST IN DATA STEWARDS

https://bit.ly/3Ok5jHq



DATA AUDIT (MVDpoints)



DATA QUALITY 



GEN AI DATA: Garbage in/Garbage out 



Making Data “AI ready”



SANDBOXES

bit.ly/3QyBjL8



Toward the Data Infrastructure and Ecosystem We Need

3. MATCHING SUPPLY AND DEMAND 

BLT 
- Business
- Legal and Governance
- Technical



BUSINESS CASE FOR PROVIDING ACCESS

bit.ly/3QyBjL8



 GOVERNANCE

PROCESSES PRINCIPLES

PRACTICES

LEGITIMACY/
TRUST

EFFECTIVENESS/
AGILITY



 GOVERNANCE: DATA SHARING AGREEMENTS

https://contractsfordatacollaboration.org/



4. STRENGTHEN THE SOCIAL LICENSE

https://thedataassembly.org/



https://drive.google.com/file/d/1nPUIH5PcROWLbAMvi2JL3oqqRux_vrWh/view?usp=share_link


DATA COLLABORATIVES: 
MATCHING DEMAND & SUPPLY

Data Collaboratives

https://datacollaboratives.org/
https://datacollaboratives.org/


www.thegovlab.org


